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Research and application of building change detection algorithm in urban areas
Li Yan
Changchun Planning Research Center ( Changchun Urban and Rural Planning and Design Institute )
[Abstract] With the development of remote sensing technology and the improvement of the frequency of
remote sensing image update, automated building identification and change detection play a very important role
in the urban planning and management, urban data update and other fields. Based on the complex characteristics
of building change, this paper proposes a building change detection method based on deep learning. Firstly,
establish the building change sample database for the satellite image features, and expand the sample by flipping
and changing the brightness; then, optimize the algorithm and improve the network structure such as deep
learning ResNet and Unet, and get the optimized change detection network structure; then, train the network
parameters with the sample database; and finally get the change detection network model suitable for regions. By

comparing the experiment of various algorithms on the 0.5m high resolution satellite data in a city, we show that

the method can effectively detect the changes of urban buildings and get better results.
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