Journal of Project Management

LIRS
AL N3 e A 1.062023 4
CERAL: B TS (ISSN): 2737-4580(P) / 2737-4599(0)

3T YOLOv2 11y %4> 8 i 30k T & 7 F 53

T B E
RARL I F R At b A TREFRE
DOI: 10.12238/jpm.v413.5745

[ E| ASRII) R T L ABMBAEN, ALIEE T YOLOV2 #9521 H ik af A2 TR
W A RHATHINT . ASUE YOLOV2 M FAL SRR b, A M 20 4R B K 3 ATAR 2 0 2k, R4/ 3]
BRI L R E, Btk YOLOV2 MABER, TR K I 4 A TE AL R BRI . 5%
IR AR, KPR EBGEAT YOLOV2 69 % 418 MR B AR ik 609 1R R M Bk 92%, S-HihdF,
AR F IR 27fps, PR R 69 7 ik T A N XX & Lo & A TR A TAR 69 TR A

[EEF] L4 ; YOLOV2; EAEFT; K210; H AT

FESES: XHERRRIRAD: A

Research on safety helmet wearing detection algorithm based on YOLOv2
Chen Yufeng,Heng Xing
(Chengdu Technological University, School of Automation and Electrical Engineering, Chengdu 611730, China)
[Abstract] In order to realize the safety helmet wearing detection in the factory environment, this paper
proposes a safety helmet detection algorithm based on YOLOv2 to determine whether people wear safety
helmets. In this paper, on the YOLOvV2 preprocessing model, the network is used to collect pictures for labeling
and training, and finally the optimal training weight is obtained on the basis of experiments, through this
YOLOv2 network model, the safety helmet standard wearing detection can be basically realized. Experimental
results show that the YOLOv2—based helmet specification wearing detection algorithm proposed in this paper

has a recognition accuracy of 92%, good robustness, and a recognition speed of 27fps. The proposed method can

provide an effective reference for the development of safety helmet detection on embedded devices.
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